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20] University of Pennsylvania, Graduate Group in Epidemiology and Biostatistics, Philadelphia, PA, 4/2024
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[34] Joint colloquium with the University of British Columbia and the University of Washington, 5/2021
[35] UCSF Department of Epidemiology and Biostatistics, 4/2021

[36] Southern Methodist University Department of Statistical Science, 3/2021

[37] University of Pennsylvania Center for Causal Inference, 10/2020

[38] International Biometric Society ENAR Spring Meeting, 3/2020 f

[39] University of Washington Machine Learning Seminar, Seattle, WA, 3/2019

[40] Emory University Dept. of Biostatistics and Bionformatics, Atlanta, GA, 11/2019

[41] Atlantic Causal Inference Conference (ACIC), 5/2018

[42] Models and Machine Learning for Causal Inference and Decision Making in Health Research (ICERM
Workshop), Providence, RI, 11/2019

[43] International Biometric Society ENAR Spring Meeting, Atlanta, GA 3/2018

[44] University of Washington Statistics Seminar, Seattle, WA, 10/2017

[45] HIV Vaccine Trials Network Sub-Saharan Meeting (Plenary), Cape Town, South Africa, 2/2018
[46] HIV Vaccine Trials Network Conference (Plenary), Seattle, WA, 10/2017

[47] University of Washington Biostatistics Seminar, Seattle, WA, 10/2017

[48] Columbia University Department of Biostatistics, New York, NY 9/2017

[49] Conference on Causal Inference in Longitudinal Studies, New York, NY 9,/2017

[50] Joint Conference on Biometrics & Biopharmaceutical Statistics, Vienna, Austria, 8/2017
[561] International Biometric Society WNAR Meeting, Santa Fe, NM, 6/2017
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[53] Johns Hopkins Causal Working Group, Baltimore, MD, 9/2016

[54] Joint Statistical Meetings, Chicago, IL, 8/2016

[55] International Biometric Conference, Victoria, Canada, 7/2016

[56] International Symposium on Nonparametric Statistics, Avignon, France, 6/2016

[57] Fred Hutchinson Cancer Research Center, Seattle, WA, 2/2016

[58] UC Berkeley Division of Biostatistics, Berkeley, CA, 2/2016

[59] Stanford University Department of Biomedical Data Science, Palo Alto, CA, 1/2016
[60] NC State Department of Statistics, Palo Alto, CA, 11/2015

[61] University of Washington Biostatistics Seminar, Seattle, WA, 11,/2015

[62] Université Paris Nanterre MODAL’X Seminar, Nanterre, France, 10/2015

[63] MINES ParisTech Centre for Computational Biology, Paris, France, 9/2015

[64] Joint Statistical Meetings, Seattle, WA, 8,/2015

[65] SF Chapter of the ASA, Berkeley, CA, 6/2015

[66] University of Pennsylvania Causal Working Group, Philadelphia, PA, 3/2015
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[67] International Seminar on Selective Inference, Discussant of talk on “Efficient and Multiply Robust Risk
Estimation under General Forms of Dataset Shift” by Edgar Dobriban, 2/2024

[68] Joint Statistical Meetings, Topic-Contributed Panel on “What We Learned Statistically Through Covid-19
Pandemic-Related Research”, 8,/2022 T

[69] New Jersey/Princeton-Trenton American Statistical Association Chapters, Discussant of talks on “Covid-19
Vaccines/Treatment Trials, and Predictive Modeling”, 6/2021

[70] Online Causal Inference Seminar, Discussant of talk on “Higher order Targeted Maximum Likelihood
Estimation” by Mark van der Laan, 1/2021

[71] NIAID Workshop, Discussant on “Statistical Challenges and Opportunities in HIV/AIDS Research in the
Era of Getting-to-Zero HIV infection”, 3/2019
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